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INTRODUCTION TO EDgE 

 The research program: Copernicus Climate 
Change Service (C3S) aims to provide 
climate-derived information for improved 
decision making regarding mitigation and 
adaptation strategies in Europe at timescales 
from seasonal to multi-decadal.  
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•  Baseline forecast, Ensemble Streamflow Prediction (ESP) 

•  Brier score (accuracy) 

•  Spread for uncertainty 

DOMAIN, SKILL AND UNCERTAINTY 



h"p://edge.climate.copernicus.eu/Apps/#seasonal	
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 FORECAST SKILL 
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 DYNAMIC FORECAST IMPROVEMENTS 
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•  We have a forecasting system that is: 
•  High-resolution (5km) 
•  Pan-European 
•  Multi-variable 
•  Multi-seasonal model 
•  Multi-hydrological model 
•  Consistently parameterized 
•  Skillful 
•  Provides meaningful output to decision makers 

CONCLUSIONS  
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